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1. Introduction

Racial preferences are a pervasive aspect of college and graduate school
admissions.> Although the goals of these preferences is to create more diverse campus
environments and to expand the opportunities available to targeted groups , some social
scientists” argue that large racial preferences may have harmful, unintended
consequences on their intended beneficiaries. A paper by Richard Sander (2005) shifted
the focus of this debate to the nation’s law schools where blacks and other minorities
experience graduation rates and bar passage rates much lower than whites. To explain
these racial gaps in performance, Sander put forward the “mismatch hypothesis”, which
suggests that students learn less when placed in learning environments where their
academic skills are much lower than the typical student. He argued that racial
preferences, by creating educational settings where minority students have much lower
academic credentials than the majority of their classmates, will cause affected minorities
to learn less and to accumulate less human capital than they would in a setting where they
were better “matched”.

Sander’s article motivated considerable research that examined mismatch effects
at law schools, using the same data as Sander. These papers, which found little support
for the mismatch hypothesis, used outcome measures more likely to capture labor market

effects of mismatch than learning effects.®> While of great interest and obvious

! Although the term “racial preferences” is often used synonymously with “affirmative action,” (and is
sometimes used that way in this paper), preferential admissions are only one part of most affirmative action
programs, including those in higher education. Affirmative action also embraces such activities as targeted
outreach, reexamination of traditional admissions criteria, and preferential financial aid. None of these
activities are implicated by the mismatch hypothesis discussed in this paper.

% The origin of the mismatch hypothesis is attributed to Thomas Sowell (1972).

® In addition to explicit labor market outcomes like earnings and job satisfactions, these papers focused on
what I call lawyer completion variables, where an individual is coded as a ‘1’ if they graduate and pass the



importance, the testing of labor market effects is difficult because of the lack of a long
panel dataset for tracing the trajectory of legal careers. What is available is a shorter
panel that is much better suited to testing for mismatch effects on learning. This paper,
exploiting the relative strengths of the available data, focuses on the effects of mismatch
on learning and human capital acquisition. Beside the limitations of data, there are two
additional virtues of focusing on mismatch effects on learning. First, mismatch effects on
learning must precede labor market effects so that a test of mismatch effects on learning
is an indirect test of the existence of labor market effects. Second, an understanding of
how racial preferences affect the educational production function is an important issue
aside from the labor market effects. This paper, focusing on learning outcomes from a
variety of perspectives, finds substantial support for the existence of mismatch effects in
law school.

The paper proceeds with a literature review (section 2), an examination of
mismatch theory (section 3) and a discussion of the Bar Passage Study (section 4), the
primary data source for this and earlier works on law school mismatch. The core of the
paper is found in section 5 through 8, where previous tests are replicated and new tests

are presented. The findings are summarized in section 9.

bar and a ‘0’ if they fail to graduate or pass the bar. As discussed in the text, these are very noisy indicators
of what a student learned in law school.



2. Review of the Literature on Law School Mismatch

Making use of the unprecedented amount and quality of micro data made
available by the Bar Passage Study’s, Sander (2004) first stirred interest in the relevance
of mismatch to law students and brought widespread attention to an important puzzle:
blacks fail the bar and drop out of law school at much higher rates compared to whites
with similar entering credentials. He proposed that much of the racial difference in
graduation rates and bar passage rates could be attributed to educational mismatch
brought about by affirmative action. He then went on to establish several important
findings that must hold for the affirmative action/educational mismatch thesis to explain
this puzzle: (1) blacks* receive significant preferences compared to whites; (2) black
underperformance relative to entering credentials cannot alone explain racial differences
in dropout and bar passage rates; and (3) bar passage and law school completion are
much more sensitive to class rank than the eliteness of school attended. This last finding
IS consistent with the hypothesis that a good match is more important than the eliteness of
school attended in determining outcomes. Although Sander’s work provided indirect
evidence for the affirmative action/mismatch thesis, he did not provide a direct test of the

mismatch hypothesis.

% Most of the recent literature on law school mismatch has focused on blacks. There is good reason to
separate racial groups for purposes of testing the mismatch hypothesis. The researcher could pool all
underrepresented minorities and include a dummy variables for each racial group to capture race
differences in unobservables. However, these race dummies might also pick up the race differences in
average group mismatch or “‘distance’. If this were the case, the reliability of any estimated coefficient on a
variable included to test for mismatch effects would be reduced. But why focus on blacks and not on some
other racial group? Part of the reason is relative importance in the affirmative action debate. Blacks are
the largest group in law school that benefits from affirmative action and, therefore, a natural group to study.
A more practical reason guided by the requirements of research is sample size. Blacks are by far the largest
racial group in the BPS, with 50% more observations than Hispanics, the second largest group.



Ayres and Brooks (2005) were among the first to directly test the mismatch
hypothesis, and they employ two different approaches. In their first test, Ayres and
Brooks assigned each student a relative tier measure, defined to be the difference between
the student’s actual tier and the median tier attended by white law students with the same
entering credentials. In the Bar Passage Study dataset, law schools are classified as
belonging to one of six clusters that roughly correspond to six tiers of relative eliteness
with six being the most elite. If a minority law student attends tier five and the median
white with the same credentials attends a tier three school, then the minority student’s
relative tier would be two (five minus three). Ayres and Brooks then reason that relative
tier should proxy the degree of mismatch so that higher relative tier should reduce the
likelihood of graduation and passing the bar if the mismatch hypothesis is correct. In
opposition to the mismatch hypothesis, they find that relative tier has a positive and
significant effect on the likelihood of becoming a lawyer for all races.”> They also find no
significant interaction effects for race and relative tier, with the exception of Hispanics,
whose interaction effect is negative. Ayers and Brooks present no results for blacks and
whites separately and omit the bottom tier (historically black law schools) from their
analysis. In addition, their results are likely plagued (as they point out) by selection bias.
Students attending higher relative tiers are likely to have higher values of
“unobservables”, which are indicators of ability hidden to the researcher but revealed to
admissions officers through recommendation letters, writing samples and interviews. If
this is the case, students attending higher relative tier schools are more likely to succeed
compared to their peers at lower relative tiers with the same observed credentials so that

this test will be biased against the mismatch hypothesis.

® The authors use the lawyer variable described below as their lawyer completion outcome variable.



Ayres and Brook’s second test attempts to address this selection bias by
exploiting a unique feature of the BPS dataset. Students were asked if the school they
were attending was their first choice school and whether they were admitted to their first
choice school. These “first choice students”, who were admitted to their first choice
school but who may be attending their first, second or lower choice school, are arguably
more alike with respect to the unobservables than the sample as a whole. Admission to
one’s first choice school should be a positive signal about the quality of an applicant’s
unobservables that is independent of what school the applicant actually attends.
Moreover, it is plausible that minorities attending their first choice schools are attending
more elite schools, receiving greater preferences and are a greater academic distance
from the median student at their school compared to minorities attending their second
choice or lower school. If minorities attending their first choice school experience
greater distance than if they attended their second or lower choice, then the mismatch
hypothesis predicts these minorities will be less likely to pass the bar compared to their
first choice counterparts who choose to attend their second or lower choice school. Using
logit regressions, Ayres and Brooks find that students attending their first choice school
are as likely to become lawyers and to graduate compared to their first choice
counterparts not attending their first choice school. However, they report that the
students attending their first choice schools do appear to be less likely to become lawyers
at the end of four years after beginning law school. An important omission from the
Ayres and Brooks paper is an analysis of the conditional bar passage outcomes for

graduates who actually took the test. As argued above, bar outcomes conditional on



taking the test are the best outcome measures available in the BPS to measure educational
achievement.®

In an unpublished paper, Yoon and Rothstein (2008a), who focus on blacks, also
provide two direct tests of the mismatch hypothesis, one that they argue is biased against
a finding of mismatch and the other that they argue is biased toward a finding of
mismatch. Their first test, in the spirit of Ayres and Brooks, looks to see whether going
to a more selective school while controlling for entering credentials, harms blacks.
Again, the idea is that blacks attending more selective schools will be more mismatched
compared to blacks with similar entering credentials attending non-selective schools. To
conduct this test, they regress an outcome measure on a binary indicator of school
selectivity (schools in the first two tiers are designated as selective) and controls for
entering credentials. They find no evidence that attending a selective school negatively
affects either graduation or lawyer completion likelihoods (i.e. graduating and passing the
bar). As the authors point out, the selective/nonselective test is biased against the
mismatch hypothesis because of the unobservables problem already discussed. A second
problem with this analysis is that some blacks going to selective schools will have
academic credentials close to those of the median student and, thus, not mismatched,
which also biases the test against the mismatch hypothesis. Yoon and Rothstein’s second
test is less a direct test of the mismatch hypothesis than a confirmation of Sander’s initial
finding that much of the black-white difference in outcomes is left unexplained after
controlling for credentials. They conduct this test by regressing outcomes on dummy

variable for black and entering credentials. They find large negative and significant

® The two bar outcome measures used in this paper that condition on taking the test are pass bar first time,
pass bar ever and adjusted pass bar ever that are discussed below.



effects of “black” on their outcome measures. If one interprets “black” as an indicator for
receiving affirmative action, then their test provides evidence for the mismatch
hypothesis. But since “black” could be a proxy for other unobservables, a more
conservative interpretation of their findings is that about half of the black-white
difference in outcomes remains even after controlling for credentials. This finding is
consistent with the mismatch hypothesis but also consistent with other hypotheses where
black is a proxy for unobservables. An important critique of the Yoon and Rothstein
paper is that the authors, like Ayres and Brooks, omit from their analysis the bar outcome
variables that condition on actually taking the test and that provide the best available
measures of educational achievement.

In addition to the mismatch hypothesis, Barnes (2007) proposes also to test
whether the “race-based barrier” hypothesis can help explain race differences in
outcomes. According to the race-based barriers hypothesis, minorities are less likely to
graduate and pass the bar because of discrimination faced in law school. As examples of
discrimination, Barnes cites a “hostile learning environment”, “direct discrimination in
learning outcomes” and “stereotype threat”. To test these two competing theories, Barnes
uses logit to regress various outcomes on credentials, race, law school tier, credential/tier
interactions and race/tier credentials. Her test of the mismatch hypothesis is whether the
credential/tier interactions are jointly statistically significant and whether the predicted
outcome of a low credential student is worse at more elite schools. She finds that the
credential/tier interactions are marginally jointly significant but she concludes there is no
evidence that a low credential student fares worse at more elite schools. Her test of the

race-based barriers hypothesis is whether the race/tier interactions are jointly statistically



significant and whether minorities far worse at each tier. She finds that the race/tier
interactions are jointly significant and concludes that race-based barriers play a role in
explaining outcomes. There are two important critiques of Barnes’ work. First, she does
not allow in her model for asymmetric effects in the credential/tier interactions. In
essence, a high tier/low credentials student (a case of negative mismatch) is treated the
same as a low tier/high credentials student (a case of positive mismatch). Second,
attempts to replicate her tables have been unsuccessful. The attempted replication of her
analysis in this paper produces results generally consistent with the mismatch hypothesis,

unlike the results reported by Barnes which reject the mismatch hypothesis.”

3. Mismatch Theory and Legal Education

The mismatch hypothesis begins with the assumption that classroom instruction is
pitched to the median student. If this is the case, students too far below the median may
struggle to understand class discussions and to keep up with the pace of instruction.
Consequently, mismatched students learn less and may even reduce their effort if they
become discouraged, leading to even less human capital accumulation. To test the
prediction that mismatched students will learn less than matched students, a common
measure of knowledge is needed for matched and mismatched students. For most forms
of education, such a measure does not exist. For example, there is no universal exam for
college graduates that measures what they learned from their undergraduate education.
Legal education, however, does have such a measure: almost all law graduates who wish

to obtain a law license must pass a state bar examination (and well over 90% try).

" Attempts to resolve this discrepancy with Professor Barnes have been unsuccessful. A “replication kit”
including data and Stata files is available from the author.



Moreover, legal education has other characteristics that adapt it well to a test of the
mismatch hypothesis. Law schools are fairly homogenous in their curricula; they
generally grade on standardized curves, and they compete in a tight hierarchy, which
means that most students at a particular law school have credentials that lie in a fairly
narrow band. For all these reasons, legal education is well-suited to a test of the
mismatch hypothesis.

A natural indicator of the mismatch would be a student’s distance from the

median student in terms of academic credentials:

(1) Di=pi- Ci

where C; is the academic credential of student i and ; is the academic credential of the
median student at student i’s institution. According to the mismatch hypothesis, there is
some threshold distance m > 0 where a match switches to a negative mismatch. The
mismatch hypothesis is concerned with students for whom D > m, and the hypothesis
predicts that greater distance will harm educational achievement. Various tests of the
mismatch hypothesis can be motivated by this mismatch measure using the model
represented by equations (2) and (3) below. For a mismatched student i such that y; - C;

> m, the outcome Y; can be expressed as:

(2) Yi=PBo+Pa[Mi-Cl+B2Ci +Pspi+tu
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where C; is the student’s entering academic credential, y; is the median academic
credential at the law school attended by individual I and p; - Cij = D; academic distance.
The mismatch hypothesis is that 1 < 0, and it reasonable to hypothesize that 3, and (3; are
both positive. For a matched student i such that p; - C; < m, the distance variable drops

out and equation (2) becomes:

(3) Yi=PBo+B2Ci+Bsyi+Uu

An estimation challenge of equation (2) is the endogeneity of D;. Under a regime
where affirmative action recipients attend the most selective school to which they are
admitted and law schools make admission decisions based on information (essays,
interviews, quality of college education) not available to the researcher, the estimated
model will suffer from sample selection bias. Mismatched students (D; > m) are likely to
have high unobservables compared to matched students with the same observables. As a
consequence, the estimated coefficient for D; will be biased upwards, and this sample
selection bias will work against the mismatch effect.

The specific consequence of mismatch is learning less. But what are the
measureable consequences? The most plausible, measureable effect of mismatch in legal
education is lower performance on a bar exam. There are other plausible effects as well,
such as attrition from law school. If mismatched students learn less, they may be unable
to meet the threshold of performance required for graduation. However, outcome
measures like graduation are problematic as measures of learning outcomes, since they

are under the control of the institution. It is well known that many elite schools make
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efforts to have no attrition whatsoever. A student taking advantage of admissions
preferences, and thereby attending a more elite school, might increase their probability of
graduation even if they learn less.®

Mismatched students may also face indirect consequences in the labor market. If
mismatched students learn less in school, then human capital theory suggests they will
earn less over a lifetime. Cutting in the other direction, imperfect information in the
labor market may make valuable the social network and reputational effects provided by
elite law schools. If mismatched students drop out of law school and fail the bar at higher
rates, but at the same time those who do pass the bar derive long-term benefits from their
more elite credentials, then affirmative action policies create winners and losers within
the minority community. The issue in that case would be whether there is a net social
gain. Since the main data source for this paper has limited data on labor market

outcomes, this important issue is beyond the scope of this paper.

4. The Bar Passage Study (BPS), Performance Gaps and Measures of Preferences

The Bar Passage Study (BPS) was commissioned and conducted by the Law
School Admission Council (LSAC) in the 1990s to study, among other things, whether
bar exams had discriminatory effects upon minority bar-takers. The study tracked some
two-thirds of all students who started law school in 1991 through their law school careers

and bar exam experiences. All twenty-seven thousand participants completed surveys as

& Because law schools value both diversity and their overall bar passage rate, lowering the graduation
threshold poses a tradeoff for law schools. Relaxing graduation standards will increase retention of
minorities but also decrease bar passage rates. The principle of diminishing marginal utility would suggest
that the marginal benefit to a school of a 1% increase in the bar passage rate is higher for a school with low
bar passage rates compared to schools with high bar passage rates. It is also reasonable that schools with a
small number of minorities have greater incentives to retain those minorities. Therefore, more selective
schools — which have both high bar passage rates and a small number of minorities — may have a greater
incentive to lower graduation requirements relative to less selective schools.

12



they began law school, and several thousand members of a subsample participated in
three follow-up surveys. For all participants, LSAC gathered data on undergraduate
grades, LSAT scores, and law school performance, and it tracked results for the great
majority of participants who took bar exams during the three years after graduation.
Although the BPS has some serious weaknesses, it is a very rich source for studying the
process and effects of legal education

Three types of outcome measures in the BPS pertain directly to testing for
mismatch effects. One type is the "graduation” outcome: in this analysis graduate is a
binary variable indicating whether each law school matriculant eventually graduated from
law school. Graduate is an important labor market variable but for reasons discussed
above an imperfect measure of human capital acquisition. A second type of outcome is
whether a given law school matriculant eventually becomes a lawyer. Lawyer in this
paper is a binary variable that takes a value of "1" if an individual graduated and passed
the bar or if an individual graduates from law school and did not attempt the bar. Lawyer
takes the value ‘0’ if an individual graduated and failed the bar or if an individual did not
complete law school. Like the outcome graduate, lawyer is an important outcome
measure but an imperfect measure of learning. For example, one difficulty with this
measure is that is treats an individual in good academic standing who voluntarily drops
out the same as an individual who is forced to drop out. It is doubtful that these two
individuals have achieved the same amount of learning.

The third and most important type of outcome measure, for the current purposes
of testing mismatch effects on learning, concerns bar performance. Ideally, one would

like to know the bar score of each taker scaled to be directly comparable across

13



jurisdictions. The BPS includes no bar scores; rather, it tracked each bar exam taken by
participants, whether the participant passed a given exam, and the region (not the
jurisdiction) in which the participant took the exam.  From this information, | created
three distinct measures of bar performance that are used throughout the analyses in this
paper. Unlike previous analyses, | only use observations for individuals who actually
take the bar. "Pass bar first time" measures whether an individual passed the bar on the
first attempt. "Pass bar ever'" measures whether an individual ever passed the bar in all
the attempts tracked by the BPS (up to seven attempts). Both pass bar first time and pass
bar ever are binary variables. "Adjusted pass bar ever'" incorporates information about
the number of attempts required to pass the bar; this variable takes on the value “1/n’ if
the test taker passed the bar on the n™ try and ‘0 if the test taker never passed.
Conceptually, this variable makes more of a distinction between someone who passes on
the first (rather than the second) attempt, than between someone who passes on the fourth
(rather than the fifth) attempt. Each of these bar passage variables have measurement
error as measures of educational achievement since different states have different passing
thresholds. To correct for measurement error, my analyses generally include the region
where the test is taken as a control.

For purposes of assessing the effects of mismatch on learning, there is a clear
ordering of value among these variables. Pass bar first time is the best measure for two
reasons. First, passing the bar requires surpassing a threshold, and repeated test taking
allows for a greater role of luck. Second, additional preparation for repeat exams may

span over several months or even years so that repeaters will have a longer
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(unobservable) legal education than non-repeaters.” The next best measure is adjusted
pass bar ever, which incorporates information about the number of times required to pass
the exam. The worst measure as a measure of learning outcomes is pass bar ever,
which makes no distinction between an individual that passed the bar on the first attempt
and the individual who passed the bar on the seventh attempt.

The mismatch controversy has been fueled by large gaps in performance between
whites and underrepresented minorities. Table 1 shows the outcomes for various
measures by race and the outcome gaps that need to be explained. The numbers for
whites show actual outcomes while the numbers for the other racial groups is the racial
difference compared to whites. Table 1 reveals large racial gaps for blacks and Native
Americans, smaller but still substantial gaps for Hispanics and more modest gaps for
Asians and those who identified themselves as ‘Other’. The black-white graduation rate
gap is 11 percentage points, the black-white first time bar passage gap is 31 percentage
points and the black-white eventual bar passage gap is 19 percentage points. The black-
white gap in lawyer completion is 25 percentage points. Much of these gaps is explained
by the lower credentials of underrepresented minorities compared to whites due to
affirmative action. The parenthetical numbers in table 1 show the racial gap that remains

after controlling for credentials.’® | focus here on pass bar first time since pass bar ever

® These bar performance variables may also be subject to self-selection bias since some graduates elect not
to take the bar. The source of this bias is the likely correlation between the disturbance in the selection
equation and the disturbance in the outcome equation. Because taking the exam is costly, those students
who anticipate failing the bar may not take it. Students with low credentials who choose to take the bar
will have high unobservables. If unobservables in the selection equation are positively correlated with
unobservables in the outcome equation, then the endogeneity bias will be even more severe.

® To control for credentials, a probit equation for each outcome variable was estimated for whites, using a a
quadratic in LSAT score and undergraduate GPA, mother’s education, father’s education, family income,
disability dummies, an English as a second language dummy and region where the bar was taken. These
coefficients for whites were then used to predict the outcomes for each racial group using the actual
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will depend partially on ethnic differences in persistence. Blacks and Native Americans
have the largest gaps at 13% and 12%, respectively, followed by Puerto-Rican Americans
(10%), Other-Latino Americans (7%), Asian Americans (7%), Other-Ethnic Americans
(4%) and Mexican-Americans (3%). For blacks and Native Americans and to a lesser
extent for Hispanics, these gaps that remain are large and puzzling.

Although the BPS has a rich set of data in many respects, it has significant
shortcomings for testing the mismatch hypothesis. First, most blacks students in the BPS
are being treated by affirmative action so the sample of “‘matched’ blacks whose
academic credentials are close to the median peer at their school is small. Because most
blacks experience some academic distance, only a relative variation in distance will be
observed. This relative variation exists both because of institutional behavior and
applicant behavior.'! Any strategy for testing the mismatch hypothesis must exploit this
variation in relative distance. But even with the variation that does exist, there is likely
to be a restriction of range problem since most black students are receiving some form of
preference. A second major drawback of the BPS is the lack of information on student
quality for individual institutions. Different measures of student academic credentials
(Ci) exist in the BPS but there is no measure of student quality (u;) for the actual school
attended. To prevent identification of individual law schools in the BPS, the LSAC
assigned each student’s law school to one of six clusters of law schools based on school
size, tuition, acceptance rate, faculty/student ratio, percent minority, median LSAT score

and median undergraduate GPA. The clusters can be ordered by mean LSAT to create

credentials of the group. The remaining gap shown in parenthesis is the difference between the actual
group outcome and the predicted outcome using the ‘white’ coefficients.

' LLaw Schools will vary in their degree of preferences, and law students have other objectives besides
going to the highest quality of institution they are admitted too, including geographical preferences and
financial considerations.
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tiers but there is considerable overlap in student quality between clusters. One strategy is
to measure academic distance (D) in the BPS based on the median or average student
quality of the cluster but this measure of D will suffer from measurement error. For
example, a student with a high D using this measure may be enrolled in a school whose
median is less than the median of the cluster. This student would have a smaller D than
indicated by the nominal measure. Therefore, any attempt to use the variation in D that is
found in the BPS to test for mismatch effects will be hindered by measurement error that
will bias regression estimates toward zero.

Even given the shortcomings of distance measures constructed from the BPS, it is
of interest to construct such measures for testing the mismatch hypothesis. Table 2
provides some summary statistics based on two measures of distance. The Mean Index
Distance (D) **for a group is the difference between the median academic index of the
cluster which their school belongs and an individual’s own academic index. The Mean
LSAT Distance for a group is the difference between the median LSAT score of the
cluster which their school belongs an individual’s own LSAT score. The distance
distribution is shown in terms of standardized index distance (d), which is the /ndex
Distance divided by its cluster standard deviation. Consistent with not receiving any
preferences, whites experience the least distance (D=-11) and have the largest proportion
within one standard deviation from the mean (74%). All of the included ethnic groups
receive significant preferences as measured by D. Blacks have the greatest distance

(D=144) and the smallest proportion within one standard deviation from the mean (29%).

12 The academic index is a weighted average of the undergraduate GPA and LSAT that is widely used by
law schools to predict law school performance. It places a 40% weight on applicant undergraduate GPA
and a 60% weight on applicant LSAT score, and it is scaled between 0 and 1000. Other researchers
including Sander, Ayres and Brooks and Yoon and Rothstein have used this measure in their analyses.
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Asian and ‘Other” are the least mismatched of the various ethnic groups but,
proportionately, still have nearly three times as much of their population below two

standard deviations compared to whites.

5. Mismatch Test I: Using Race as a Proxy for Distance

Given the absence of a reliable estimate of distance for measuring mismatch in
the BPS, an alternative strategy is to take advantage of the fact that almost all blacks
receive preferences and that no whites receive preferences. Given this feature of
affirmative action, one approach is to use “black’ as a proxy for being negatively
mismatched and “white” as a proxy for being matched. This approach can be formalized

using equations (2) and (3) above and adding equation (5) to form a structural model:

(5) Mi :Ci+ybi + Vi

where b is in indicator variable for being black. Equation (5) asserts that a student i’s

predicted selectivity is equal to their own credential plus any affirmative action treatment

(y > 0) plus a disturbance. Equation (5) also implicitly assumes that students attend the

most selective school to which they are admitted. By substituting equation (5) into

equations (2) and (3), we get reduced form equations (6) and (7):

(6) Yi=Bo+y (Bst Bs) + (B2 + B3) Ci + (Bs+ Bs) Vi + ui for blacks.

(7) Yi=PBo+ (B2+Bs) Ci+ PBsVi+u; forwhites.
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Combining equations (6) and (7), the equation to be estimated is:

(8)Yi:Bo+ebi+6Ci+£i

where 8 =y (B1+ B3), 0= (B2 +Bs)and €= (B1 bi + B3) vi + ui. Yoon and Rothstein
directly estimate equation (8) as an upper bound on mismatch effects. They argue that 6
is an upper bound because € will contain race-specific unobservables, biasing the estimate
of 6 toward mismatch. Because admission officers observe recommendations letters and
other applicant information not available in the BPS, it is possible that there are race
differences in the disturbance not captured by credentials. The Yoon and Rothstein
argument is that race differences in unobservables are likely to exist because blacks are
much more likely to be admitted than whites with similar credentials. If this is the case, b
and € will be negatively correlated, causing the coefficient on black to be biased in a
negative direction and biasing the analysis toward an acceptance of the mismatch
hypothesis. The extent and direction of this bias turns out to be more subtle than what is
suggested by Yoon and Rothstein for two reasons. First, the error term € includes the
term (B1 bi vi), which only affects blacks. Negative values of v will be associated with
students who decide for geographical or financial reasons not to attend the most selective
school to which they are admitted. Because 1 b; vi > 0 (recall that ; < 0) for black
students voluntarily attending less selective schools, these black students will have a
higher ¢, creating a positive correlation between b and € and an upward bias. Second, the
appearance of 33 in the expression for 8 implies that 8 does not identify the mismatch

effect directly but only indirectly as the net effect of a negative mismatch effect and a
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positive selectivity effect. Therefore, 6 cannot be considered an upper bound on the
mismatch effect.

In table 3, Yoon and Rothstein’s (2007) OLS estimates for graduation and the
lawyer completion regressions are replicated with robust standard errors in columns (1)
and (2).* For the purposes of directly testing the effect of mismatch on educational
achievement, new results not reported in Yoon and Rothstein (2007) are shown for bar
passage outcome regressions that only include observations for persons who actually took
the bar. In contrast, all of Yoon and Rothstein’s bar passage variables include dropouts,
which are coded as zero. For the full sample (column 1), the coefficients are negative for
each of the outcome variables, and all are statistically significant. If ‘black’ is a good
proxy for being treated by affirmative action, Yoon and Rothstein point out that the
magnitudes of all of these coefficients will underestimate the true effects of affirmative
action because not all blacks are mismatched. The full sample results indicate that
affirmative action may explain between 2 and 3 percent of the 10 percentage point gap in
graduation rates between blacks and whites (20 to 30% of the black-white gap) 13
percent of the 31 percentage point gap in first time bar passage rates (43% of the gap) and
8 percent of the 19 percentage point gap in eventual bar passage rates (40% of the gap).
In addition, the regression for the lawyer completion measure (lawyer) indicates that
affirmative action may explain as much as 9 percentage points of the 25 percentage point
lawyer completion gap (33% of the gap). Note that these results for the full sample are
robust to the inclusion of additional covariates (column 3). All of the results remain

statistically significant, while magnitudes generally decrease by 5 to 25%.

3 Lawyer corresponds to Pass Bar Attempted in Yoon and Rothstein (2007). Recall that Lawyer takes the
value ‘1’ either if a person graduated and passed the bar or if a person graduated but did not attempt the
bar, Otherwise Lawyer takes the value ‘0’
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As already discussed, there are two issues with the ‘black-white” analysis that
should give us pause before determining how much weight to give the results as evidence
of mismatch effects. First, this analysis cannot identify mismatch effects since ‘black’ is
a proxy for both affirmative action treatment and race-specific unobservables. Second,
these results may, as Yoon and Rothstein argue, be affected by endogeneity bias, tilting
the analysis in favor of the mismatch hypothesis. To test for the importance of
endogeneity bias, Yoon and Rothstein propose repeating the ‘black-white’ analysis for a
subsample restricted to the top four quintiles of the entering academic credentials
distribution.* The Yoon and Rothstein results for the top four quintiles, including new
results for the bar passage variables, are shown in columns (4) through (6). The
coefficient for graduate changes signs and become statistically insignificant. The
coefficients on all of the bar passage variables remain statistically significant but have
magnitudes that are 50 to 60% of those for the full sample. The coefficient for lawyer is
still negative and marginally significant without additional controls statistically but its
magnitude is only 1/3 of its full sample counterpart. Yoon and Rothstein, comparing
these full sample and restricted sample results without the benefit of new bar passage
regressions, conclude that the full sample results are suspect since the restricted sample
results are weaker, indicating substantial endogeneity bias. They further conclude that
there is little evidence of mismatch effects for the top four quintiles of the academic
credentials distribution.

Although the magnitudes of the coefficients in the restricted sample do decline,

‘black’, even in the restricted sample regressions, still seems to explain something,

4 “This bias is likely less severe in estimates based on the top four quintiles of the entering credentials
distribution....” (Yoon and Rothstein, 2008, p.21). Yoon and Rothstein use the academic index to
determine selection into their subsample.
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particularly when the bar passage results are included. All three of the bar passage
variables are still negative and statistically significant for the restricted sample analysis.*
The results are less statistically significant for the restricted sample but larger standard
errors are a natural consequence of the reduction in the number of blacks in the
subsample.*® The most dramatic change that occurs with the restricted sample analysis is
the reversal of the sign of the coefficient for the graduate regression and its loss of
statistical significance. This change may reflect a tier-related effect on graduation rates
that is unrelated to mismatch effects. Blacks in the upper four quintiles only have a 2%
lower graduation rate than whites compared to a 11% lower graduation rate than whites
for the whole sample. This dramatic lowering in the graduation differential is partially
explained by the combination of a higher proportion of blacks in the restricted sample
attending selective law schools (the two highest tiers) and a higher graduation rate for
these selective law schools. For the restricted sample, 40% of blacks attend the two
highest tiers compared to 15% of blacks for the full sample. And, a regression of
graduate on credentials and selectivity for whites shows that going to a selective school
(top two tiers) increases graduation rates by 3% relative to the bottom four tiers.*’
Therefore, the sign reversal for the graduate regression is partially a result of a change in

composition.

5 Yoon and Rothstein’s appraisal that the restricted sample regressions makes any mismatch effect suspect
is based on the graduate and lawyer outcome variables. They also use a two tail test to assess the
coefficient on Lawyer when a one tail test is more appropriate.

16 A black at the 80™ percentile for the overall population (1% percentile is highest and 100" percentile is
lowest) is at the 75" percentile for the black population. Therefore, if the bottom 20% of the academic
credentials distribution is excluded, then 75% of blacks are excluded.

7 As discussed above, the graduation threshold is a choice variable for law schools, and selective schools
may have greater incentive to lower thresholds. The graduation regression results for whites are shown in
table 7.
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The smaller magnitudes of the coefficients for the restricted sample in table 3 are
primarily a consequence of the smaller race differences to be explained in the upper four
quintiles.'® One interpretation of these smaller coefficients is that endogeneity bias is
serious and that much of what appears to be mismatch effects for the lower quintile is
unobservables bias. An alternative explanation for this pattern is that blacks in the upper
quintiles are better matched. 1f we measure distance for a student as the difference
between the median of the academic index of the student’s tier and the student’s
academic index, table 4 shows that mean distance for students within a quintile declines
for higher quintiles. Going from quintile 1, to quintile 2 to quintile 5, the fraction of
students within one standard deviation from the median student rises from 18% to 62% to
90%. To sum up, the regression on the top four quintiles cannot identify endogeneity
bias because this small group of students is also better matched. One way to avoid
differences in unobservables between whites and blacks is compare mismatched blacks
with matched blacks. In the next section, the focus turns to black-black and minority-

minority comparisons.

6. Mismatch Test Il: Using Selectivity as a Proxy for Distance

The most common way of testing the mismatch hypothesis has been to use law
school selectivity as a proxy for distance. This approach can be viewed as a strategy for
overcoming the identification problem inherent in estimating equations (2) and (3) above.
Equation (2) cannot be estimated directly because of multi-collinearity. An

identification strategy is to combine terms in equation (2), resulting in equation (9):

'8 The sample sizes are becoming very small for the upper quintile so that reduced statistical significance is
not surprising.
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9 Yi=PBo+ (P1+PBs) i +(B2-P1)Ci +u; forstudentisuch that D > m.

Equation (9) is most appropriate as an estimation equation for samples where all students
are mismatched but to varying degrees. In practice, this means that this equation is
appropriate for blacks (who are mostly mismatched) but not for whites (who are mostly
matched). But even in the case of blacks, equation (9) cannot identify the mismatch
effect but only the net effect of the mismatch effect (1) and the selectivity effect ([33).
The case where there are only two tiers (selective and nonselective) can be used to

illustrate the estimation issues. The model (suppressing the intercept) is:

(10) Yi=08Sj+ B Ci+ u;

where S; is an indicator variable for whether the individual attended a selective school.
If students at selective institutions are on average more mismatched relative to students at
non-selective institutions and the mismatch disadvantage of attending a more selective
school outweighs the selectivity advantage, OLS estimates will yield a negative
coefficient for 8. Still, the OLS coefficient will be positively biased since some black
students, who would have been admitted without preferences, will not be mismatched and
will have positive 8; because of a beneficial selectivity effect.

The OLS estimation of equation (10) will also be affected by both endogeneity
bias and measurement error bias. To illustrate the nature of the endogeneity bias, assume

that the error in equation (10) can be written as:
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(11) ui=A X + e

where X; is an index of credentials unobservable to the researcher but observable to law
school admissions officers and € is a random disturbance. Because admissions officers
take the omitted variable X into account, selectivity (S) will be positively correlated with
the error (u) that includes X. In particular, individuals with a low observed C that attend
selective law schools will have higher than average unobserved X, and individuals with a
high observed C that attend nonselective law schools will have lower than average
unobserved X. As aresult, S and X will be positively correlated and the estimated
coefficient on S will suffer from positive endogeneity bias. Importantly, this endogeneity
bias works against finding a mismatch effect (6 <0).

An additional weakness of any tier approach is related to the data limitations of
the BPS. In the context of the mismatch hypothesis, law school tier is a useful measure
of distance if the tiers are defined narrowly enough so that law schools within a tier have
similar measures of median student quality and if schools within tiers do not have
measures of student median quality that overlap with schools in other tiers. The BPS
definition of tier satisfies neither of these criteria. The BPS clusters can be ordered into
tiers based on an average of the academic credentials of students attending a particular
tier but it is likely that there is considerable variation within tiers and a considerable
overlap between tiers in terms of actual median student quality. These two sources of
measurement error will bias the coefficient on selectivity (S) in equation (10) toward

zero. Given the endogeneity and measurement error bias, the selectivity test is a very
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stringent test for the mismatch hypothesis to hurdle. In this section, | evaluate three
papers that have employed the selectivity test and conclude with new results where

measurement error is minimized.

A. Barnes: A Simulation Approach

Barnes (2007) simulates the effect of tier by estimating a form of equation (9) that
includes schools grouped into four tiers and various race groups. She first regresses
various outcome measures on academic credentials, tier, race, credential/tier interactions
and race/tier interactions. She then uses her estimated model to simulate what the effect
of a black would be in moving progressively from tier 1 through tier 4. According to the
mismatch hypothesis, blacks with the same academic credentials should do progressively
worse as they move to a higher tier since they are becoming more mismatched. Table 5
attempts to replicate the Barnes analysis along with additional outcome variables not
included in Barnes (2007). Her results, copied from her paper in the first two columns in
table 5, would seem to strongly contradict the mismatch hypothesis. However, my
replication attempt, shown in the last two columns, yields very different results. For the
predicted graduation rate, the results are decidedly mixed. For a black student with
credentials at the 25™ percentile, there does seem to be an advantage at a top 30 school.
For the other two cases, matriculation at either the historically black schools or the top 30
schools seems to have little effect on graduation probability. For ever passing the bar, a
black student for each of the three credential levels is less likely to pass the bar as they
progress from low-range schools to top 30 schools. However, the historically black

schools do not perfectly follow the pattern predicted by the mismatch hypothesis. In two
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of the cases (5" and 10™ percentile), the historically black schools have the second

highest outcome probability, while the historically black schools have the worst outcome
probability in the third case (25" percentile). It is hard to conclude from this analysis, as
Barnes does, that the mismatch theory is clearly refuted. On balance, the Barnes exercise

provides more evidence in favor of the mismatch hypothesis than against it.

B. Avres and Brooks: The Relative Selectivity Approach

Ayres and Brooks (2005) employ a variant to the selectivity approach. They use the
tier attended by a black relative to the median tier attended by a white with the same
academic credentials as a proxy for distance.'®. The treatment variable white relative tier
is defined to be the tier attended by an individual with a given academic index score

relative to the tier attended by the median white with the same index score:

(12) White relative tier = Tier(i, Index) — White Tier(Index)

where Tier(i, Index) is the actual tier attended by person i with a given academic index
and White Tier(Index) is the median tier of whites with the same Index. Because there is
insufficient data for each index value to calculate White Tier(Index) directly, 1 adopt the
Ayres and Brooks suggestion of computing the White Tier(Index) as the median tier for
each 20 point intervals of the academic index. The variable white relative tier has a
maximum value of +5 and a minimum value -5 since there are 6 tiers. Although this

measure is creative, this relative measure in practice provides little more information than

19 This analysis here differs from Ayres and Brooks (2005) in that historically black schools are included.
These schools contain many of the blacks in the sample, and many of these students have academic
credentials closer to those of the median student.
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absolute tier since tier is an almost perfect predictor for white relative tier. The
correlation coefficient between white relative tier and tier is r=.92 for blacks. In table 6,
results for white relative tier are presented separately for whites, blacks and a minority
subgroup. The minority subgroup, which will be used throughout the paper, includes the
ethnic groups with the highest mean values of distance, including blacks, Hispanics and
Native Americans (see table 2). For whites, an increase in relative tier by one unit is
associated with a statistically significant 1% increase in graduation and lawyer
completion rates. As expected, relative tier has no effect on the bar passage rates of
whites, since almost all whites are matched. For blacks and the minority subgroup, all of
the signs in the bar passage outcomes have the negative sign predicted by the mismatch
hypothesis. These estimated coefficients approach marginal significance in the adjusted
bar passage ever regressions and are statistically significant for all of the pass bar first
time regressions. The magnitudes suggest that a one unit increase in relative tier reduces

the likelihood of passing the bar on the first attempt by 1.5% to 2.0%.

C. Yoon and Rothstein: A Binary Selective Approach

Yoon and Rothstein attempt to deal with the tier measurement error issue by
dividing schools into selective and non-selective categories and directly estimating
equation (10) above. But because the non-selective category covers four tiers, selective
will still be a very noisy measure of distance and measurement error bias will still
obscure mismatch effects if in fact they exist. Below, the selective-nonselective

approach is evaluated, and new results are presented for a variant of this analysis that
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reduces the measurement error. As in the previous section, the bar passage regressions
are for those individuals who actually took the bar.

Focusing on both white and black regressions for graduation and lawyer
completion, Yoon and Rothstein conclude that the binary selective-nonselective analysis
provides no support for the mismatch hypothesis.?’ The results in column (2) correspond
to the Yoon and Rothstein analysis as well as the addition of the new bar passage
regressions for individuals who actually took the bar. The coefficients for adjusted pass
bar ever and pass bar first time are marginally significant, and the magnitudes,
suggesting that going to a selective school reduces the likelihood of passing the bar on
the first try by 5%, are economically significant. However, once the region where the bar
exam was taken is included, the estimates are no longer statistically significant and the
magnitudes diminish by 1/3 to 1/2. Nonetheless, all of the coefficients for the bar
passage regressions for both blacks and the minority subgroup are negative as predicted
by the mismatch hypothesis. The estimates for the graduate regressions indicate that
attending a selective law school increases graduation probability by about 5%. Although
this positive coefficient for graduation is extremely interesting, two caveats need to be
mentioned. First, this estimate, if it is valid, may not carry over to affirmative action
beneficiaries who attend non-selective schools. Second, this positive graduation effect
could be explained by endogeneity bias. It is curious that the estimated coefficients for
selective in the white bar passage regressions are negative and significant as well, albeit
small. It is hard to argue that these negative coefficients are due to preferences since

legacies represent a relatively small proportion of the whites at selective schools. Even

2% Yoon and Rothstein (2007) conclude: “For white students, the selectivity effect is positive and
significant. The estimated selectivity effects for black students are positive and significant for
graduation....; all others are small and insignificantly different from zero.”
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given that the coefficients for whites are negative, the magnitudes of the black
coefficients are 4 to 10 times larger.

One of the weaknesses of the selective-nonselective analysis is the measurement
error created by categorizing the first four tiers as nonselective. This measurement error
will bias the coefficient on selective toward zero. One way of reducing this measurement
error is to redo the selective-nonselective analysis with more homogeneous groupings.
More homogeneous groupings can be obtained by restricting the nonselective group to
the bottom two tiers and omitting the two middle tiers. Table 8 shows the results for this
modified selective-nonselective analysis. With the exception of the graduation and
lawyer completion regressions, all of the signs are negative and statistically significant
for both blacks and the minority subgroup. The coefficients are also economically
significant. Attending a selective school reduces first time bar passage rates by 8 to 12%.
And eventual bar passage rates by 5 to 10%. In these regressions, the effect on
graduation of attending a selective school becomes insignificant and the magnitudes of
the coefficients become very small.

To assure that these results are not driven by a lack of common support, a
matching model was estimated. Estimates for nearest neighbor matching models are
presented in table 9 to test for the robustness of the top tier/bottom tier selective bar
passage results. There are many options to choose from in estimating matching models.
A straightforward approach is used here. Individuals are exactly matched on region to
control for bar difficulty, and then the Mahalanobis metric was used to find the nearest
neighbor in terms of undergraduate GPA and LSAT score.”* Four matches per

observation were used for both matching purposes and for the computation of robust

2! The matching program used is ‘nnmatch’, which is available in STATA.
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errors.?2. Common support was determined by estimating the distributions of the
propensity score for the treatment and control groups and then truncating the tails to
assure overlap. Non-robust t-statistics shown in parentheses in table 9, while robust t-
statistics are shown in brackets. For the outcome bar pass first time, the results in table 8
appear to be robust. The signs of the estimated effects are consistently negative, similar
to the magnitude, usually statistically significant and occasionally marginally significant.
Results are similar for Pass Bar Ever. These matching results indicate that the OLS

results for the bar passage variables are not a product of the lack of common support.

7. Mismatch Test I11: The First Choice Experiment

The results from the binary selective analysis provide some support for bar
passage even in the face of endogeneity bias, which tilts the selective-nonselective test
against finding mismatch effects. Still, a method is needed to account for this source of
bias. One possible method is provided by a series of questions in the BPS that enables
the researcher to identify whether a student was admitted to their first choice school and
whether that same “first choice student” is attending their first choice school or not. It
seems probable that unobservables bias will be less severe if we restrict the analysis to
these “first choice students”, since these students were all successful in obtaining
admission to their first choice school. Following Ayres and Brooks (2005), this section
restricts the analysis to first choice students and uses first choice attendance as an
indicator for distance, which is reasonable if a student’s first choice is likely to be more
selective than their second or third choice. If first choice attendance is a good proxy for

distance, then the mismatch hypothesis predicts that students attending their first choice

22 The parameter ‘Four’ was suggested as reasonable by Abadie, et al. (2001).
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schools will fare worse on outcomes than students admitted to their first choice schools
but attending their second or lower choice school.

This approach can be formalized using equations (2) and (3) above and amending
equation (5) to include the effect of attending one’s second or third choice school on

selectivity:

(13) pi=Cij+yb +dLi+v

where bj is in indicator variable for being black and L; is an indicator for going to one’s
second or lower choice school. Equation (13) asserts that a student i’s predicted
selectivity is equal to their own credential plus any affirmative action treatment (y > 0)
plus the effect of voluntarily attending one’s second or third choice school (6 < 0) plus a
disturbance. The model can be closed by assuming that students choose between their
first choice and second choice schools based on the maximization of the present value
(PV) of lifetime income, which will depend on school quality (p;) and schooling costs (a;)

for school j:

(14) Li= 1 if PV(u2, a2) > PV(u1, a1)

0 otherwise.
where j=1 is the first choice school and j=2 is the second choice school. Note that
schooling costs can be thought of broadly here to include not only tuition but hedonic
costs like distance from home and family. By substituting equation (13) into equations

(2) and (3), we get reduced form equations (15) and (16):
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(15) Yi=PBo+y (Bt Bs) bi + 0 (Bat Ps) Li + (B2 + Bs) Ci + (Bu+ B3) vi + ui for Di>m.

(16) Yi=Bo+ (B2+Bs) Ci+BsVi+u; for Dy <m.

If we stratify the sample by race and limit the sample to mismatched individuals, the

equation to be estimated (suppressing the intercept term) can be simplified to:

(A7) Yi=08Li+ B Cit+ u;

where 6 = & (B1+ B3) > O if the positive mismatch effect (d 1) of attending a less selective
school exceeds the negative selectivity effect (d 3) of attending a less selective school.
First choice students are separated into three groups: Attendeesl are students
actually attending their first choice school, Attendees2 are students who attend their
second choice school, Attendees3 are students who attend their third choice school or
below. All students who were admitted to their first choice school but attending another
school are referred to collectively as Attendees23. A true natural experiment would sort
students into the three categories by an exogenous mechanism unrelated to student
preferences and choices. But since it is not obvious that Attendeesl are somehow
different than Attendees2 or Attendees3, the responses to the first choice question form
the basis of a quasi-natural experiment. If Attendees] were more able than Attendees2 or
Attendees3, then either strategy described above would be suspect from the start as a

natural experiment.
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For blacks, table 10 compares the credentials and the outcomes of Attendeesl,
Attendees?2, Attendees3 and Attendees23. Academically, Attendeesl are remarkably
similar to Attendees2, Attendees3 and Attendees23: LSAT scores and academic indices
are not significantly different from zero. Attendees3 do have a higher undergraduate
GPA that is 1/12 of a standard deviation higher. Attendeesl are, as expected, more likely
to attend elite and selective schools compared to other first choice students. The
selectivity difference is statistically significant at a 5% level for both A¢tendees3 and
Attendees23, and the tier difference is statistically significant at a 10% level for these
same groups.

Given that Attendeesl attend higher tier schools, these students should be more
mismatched compared to Artendees2 and Attendees3. If this is the case, the mismatch
hypothesis predicts that A¢tendees1 will have worse outcomes compared to other students
admitted to but not attending their first choice school. Table 10 supports these
predictions. Attendeesl are less likely to graduate than the other groups with the
difference for Attendees23 significant at a 10% level. Attendeesl are also less likely to
pass the bar compared to all three groups with the difference for Attendees3 significant at
a 5% level. Attendeesl are also less likely to pass the bar on the first attempt compared
to all three groups with the difference for all three groups significant at a 5% level.

Before presenting regression results, discussion of possible sources of bias in the
first choice analysis is in order. First choice attendance is not exogenous so that one
should worry about possible mechanisms that might create a correlation between first
choice attendance and the unobservables in the disturbance. Yoon and Rothstein (2007)

offer a demand side mechanism. They argue that students attending their second or lower
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choice school may have inferior unobservables because of a possible positive correlation
between family income and the unobservables. According to this line of reasoning,
students with lower family incomes, who will also tend to have inferior unobservables,
may choose their second or lower choice schools for financial reasons so that these
Attendees2 and Attendees3 will have inferior unobservables compared to Attendees].
One way to account for this potential bias is to include subjective income?® as an
explanatory variable. But even if one argued that the subjective income variable
available in the BPS was inadequate, the Yoon and Rothstein argument implies a positive
bias for students attending their first choice school that makes it harder to find a
mismatch effect, not easier. Therefore, the first choice analysis can be viewed as a
conservative test of the mismatch hypothesis in the context of the Yoon and Rothstein
critique.

An alternative endogeneity bias argument is based on the supply of merit aid
offers. According to this argument, a law school will make a merit aid offer to the
student with superior unobservables, holding observable credentials constant. Therefore,
first choice students who choose to attend their second or lower choice because of a merit
aid offer will tend to have higher unobservables compared to students attending their first
choice school. The concern is that this particular selection mechanism will create a
negative bias in favor of finding a mismatch effect. Acceptances of merit aid are
endogenous and probably often involve a choice between attending a more selective
school without merit aid and a less selective school with merit aid. The argument above

would seem to imply that the best students (those with the highest unobservables) would

%% Income is the BPS is an ordinal variable that represents an individual’s self-assessment of their own
family income to average family income. The categories are far below average, below average, average,
above average and far above average.
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always accept merit aid at a lesser school, which seems unlikely. More likely, the
acceptance of merit aid at a less selective school given the opportunity to attend a more
selective school is driven by financial considerations. In any case, an indicator for merit
aid is included in the first choice regressions that follow to assure the robustness of the

results.

A. OLS Estimates

The results for the first choice students are contained in table 11A.** The
regression results in columns (1) through (3) use Secondchoice as the indicator of
attending the second choice school with students admitted to and attending their first
choice school serving as the comparison group. The regression results in columns (4)
through (6) use Thirdchoice as the indicator of attending the third or lower choice school
with students admitted to and attending their first choice school serving as the
comparison group. The regression results in columns (7) through (9) use Lowerchoice as
the indicator of attending second or lower choice school with students admitted to and
attending their first choice school serving as the comparison group. Since students
attending their third choice school should be better matched, the mismatch hypothesis
would predict stronger mismatch results for the regression in the last column.

All coefficients have the predicted signs with large magnitudes. For all of the
outcome variables, the absolute value of the coefficients is larger for the thirdchoice
regression compared to the secondchoice regression as the mismatch hypothesis would
predict. Estimates are statistically significant for one of the three lawyer completion

regressions and marginally significant for a second. For the bar passage regressions, the

2 This analysis differs from Ayres and Brooks in stratifying by racial group.
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coefficients are statistically significant in one of the three cases for the pass bar ever
regressions, in two of the three cases for the adjusted bar pass ever regressions and in all
three pass bar first time regressions. The results are similar for the minority subgroup
regressions shown in table 11B. Results for whites are shown in table 11c. Unlike the
case for blacks and the minority subgroup, whites who attend a lower choice school are
less likely to graduate by a statistically significant 2 to 5%. One explanation for this
decreased likelihood of graduating is a positive correlation between non-academic factors
(e.g. family responsibilities) that reduce the likelihood of graduating and the decision to
go to your second choice school. There is no evidence in table 11C that secondchoice or
thirdchoice affects bar passage rates for whites. Of all of the tests found in the previous
literature, the first choice analysis provides the strongest evidence for the mismatch

hypothesis.

B. Using Lowerchoice as an Instrumental for Selectivity

Equation (13) above suggests that Lowerchoice is a prime candidate as an
instrument for selectivity in equation (10). Although Lowerchoice is not exogeneous, it
does seem to satisfy the requirements of an instrumental variable. It is correlated with
selectivity and not obviously correlated with the disturbance in the outcome equation
(10). Tables 12A and 12B provide results using Lowerchoice as an instrument for
selectivity. Intable 12A, the instrumental variable estimates can be found in columns (3)
through (5). The F-statistic for the instrument is shown in brackets beneath the t-statistic.
For these black regressions, Lowerchoice is a weak instrument (F<10). All of the signs

are consistent with the mismatch hypothesis and estimates for the coefficient on

37



selectivity in the bar passage regressions are generally statistically significant. The
magnitudes of the coefficients cuts both ways for the mismatch hypothesis. On the one
hand, large effects suggest that mismatch effects may be large. On the other hand, the
magnitudes are so large (sometimes exceeding one) that they seem implausible as
estimates of the mismatch effect. The results for minorities found in table 12B are also
negative, large and often statistically significant for the bar passage regressions. In these
regressions, Lowerchoice is a strong instrument, perhaps because of the larger sample

size.

8. Mismatch Test IV: The Effect of Distance

A. OLS Estimates

In this section, new OLS results are presented for the hypothetically ideal model

presented in equations (2) and (3) that are reproduced below as equations (18) and (19):

(18) Yi=PBo+Bu[Mi-Ci] +B2Ci +Bspi+ Ui ifDi>m

(19) Yi:Bo+Bzci +ngi+ui ifDi<m

Equation (18) cannot be estimated directly for a sample that satisfies D; > m because of

perfect multicollinearity. Two different strategies are employed here to identify the

mismatch effect (B1). First, equations (18) and (19) are combined into equation (20),
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using the indicator variable | that takes on the value 1 when D>0 (m is assumed to equal

0 in the empirical analysis):

(20) Yi=Po + 1 I(D>0) * [Wi - Ci] + B2 Ci + B3 Wi + Ui

Equation (20) can in theory be estimated and 3; estimated since it is not perfectly
collinear. In practice, however, the equation exhibits high multicollinearity so that the
estimates are unreliable. A second strategy is to estimate equations (18) and (20) by
omitting selectivity. This strategy allows identification of the mismatch effect but may
also introduce omitted variable bias since selectivity will now be in the error term.
Because selectivity is available for each observation, we can obtain some idea of the
probable direction of this bias by calculating the sample correlation between distance (D)
and selectivity (M). This sample correlation is positive, indicating that this strategy will
bias the distance variable upward in a direction against the mismatch hypothesis.?®

As already discussed, the measure of D = y; - C; available in the BPS is flawed by
the lack of data on median student quality at the school actually attended. Instead, D
must be constructed using the median student quality of the cluster that the school
belongs. The smallest cluster has seven schools and the largest cluster has over 50
schools. Because minorities within a cluster are likely to be at the more elite schools
within that cluster and whites are likely to be at the least elite schools within that cluster,
measured D for minorities will be greater than actual D, and measured D for whites will

be less than actual D. Because of this measurement error, estimates are presented both

% The sample correlation calculated is between 1(D>0)*D and tier. For whites, r = .06; for blacks, r = .32;
and for minorities, r = .18.

39



for equation (18) and equation (20). In addition to this measurement bias, the distance
test will also be affected by the endogeneity bias that affects the other measures of
mismatch. If two minorities with the same academic credentials are observed with
different distance, then the better matched minority will be attending a less selective
school. One explanation for the difference in distance is that the worse matched minority
has higher unobservables (unobservable in the BPS but observable to admissions
officers) that enabled her to gain access to a more selective school. This endogeneity of
D will bias its estimated coefficient upward in a direction against the mismatch
hypothesis.

The distance variables used here have already been introduced in section 4. To
review, Index Distance (D) is the difference between an individual’s own academic index
and the median academic index of the cluster which their school belongs. Zindexdistance
IS Index Distance expressed in standard deviation units. LSAT Distance for a group is
the difference between an individual’s own LSAT score and the median LSAT score of
the cluster which their school belongs. ZLSATdistance is LSAT Distance expressed in
standard deviation units.

In tables 13A and 13B, results for these distance variables are presented for
blacks, the minority subgroup and whites using equation (18) with the selectivity variable
omitted. Equation (18) is only appropriate for a sample that is mostly mismatched.
Blacks and other minority samples approximately satisfy this condition. Even though
whites do not satisfy this condition, | present results for whites for the sake of
comparison. The results in table 13A provide support for the mismatch hypothesis. All

of the bar passage variables have a negative sign as predicted by the mismatch
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hypothesis. For both blacks and the minority subgroup, the estimates for adjusted pass
bar ever are marginally significant, and the estimates for pass bar first time are always
statistically significant. The magnitudes for the pass bar first time regressions indicate
that a one standard deviation unit in distance leads to a 3% to 3.5% less likely chance of
passing the bar on the first attempt. The results in table 13B where LSAT Distance is
used as the measure of distance are slightly stronger with the estimates for adjusted pass
bar ever often becoming statistically rather than marginally significant as in table 13A.
Tables 14A and 14B present results for equation (20), both with selectivity excluded and
included. The results reported for blacks in column (6) of table 14A which omit
selectivity (tier) are similar to those reported in table 13A but weaker. The estimated
coefficient for adj pass bar ever is no longer significant, and the estimated coefficient for
pass bar first time is now only significant at a 10% level. The inclusion of tier in
columns (7) and (8) changes the results dramatically. The signs of the bar passage
estimates become positive and approach significance when selectivity (tier) is included as
a categorical variable. Unfortunately, the regressions in column (8) suffer from a great
deal of multi-collinearity. The VIF for the I*Distance variable are reported in brackets
and generally much greater than 10 when selectivity is included.?® The results shown in
table 14B for minorities are more favorable for the mismatch hypothesis than the results
for blacks. When selectivity is excluded from equation (20) in column (6) and dummy
variables for race are included, the results are stronger than those in table 13A both in
terms of magnitude and statistical significant. The results weaken when selectivity is
included as a categorical variable in column (8). The coefficients for the bar passage

variables remain negative but are no longer statistically significant. The VIF shown in

%6 Multicollinearity is generally considered to be problematic for a VIF greater than 10.
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brackets for columns (7) and (8) indicate that these estimates are unreliable given the

high multicollinearity present.

9. Conclusion

The Bar Passage Study is a treasure trove of data for law students. Unfortunately,
the BPS designers chose to obscure law school tier in a way that makes it very difficult to
test the mismatch hypothesis. In particular, it is impossible to identify the actual quality
of law school attended by a given law student. What the researcher must work with
instead is a proxy “cluster” variable with considerable measurement error. This
measurement error will bias coefficients toward zero. A second challenge is
unobservables bias. Any test of mismatch that incorporates a measure of distance that is
correlated with selectivity is handicapped by the probable positive correlation between
selectivity and unobservables. That is, if we observe two students with the same
credentials — one in a selective school and the other in a non-selective school--, then the
student in the selective school is probably there because of unobservables known to the
law school but hidden from the researcher. This unobservable bias will be positive, again
making it more difficult to find evidence for the mismatch hypothesis.

All of the previous papers that have conducted formal tests of the mismatch
hypotheses have concluded that there is no evidence of mismatch effects in the BPS. As
this paper demonstrates, there are many reasonable analyses that point to possible
mismatch effects in the BPS. Table 15 summarizes the results from the analyses
conducted in this paper on the key learning outcome variables for minorities. “Yes”

means that the coefficient consistently has the sign predicted by mismatch, and “No”
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means that the sign is the one opposite predicted by mismatch. What is striking about
table 15 is that generally speaking all of the various approaches yield the sign predicted
by the mismatch hypothesis. The one exception is the graduation regressions. These
results for the graduate regressions could be explained by either better mentoring
programs or lower graduation thresholds at selective schools that largely negate
mismatch effects. Alternatively, these results could be explained by endogeneity bias.
The two bar passage variables (adjusted pass bar ever and pass bar first time) which
capture the most variation on performance are statistically significant in a majority of the
analyses. Statistical significance for pass bar ever is found in one of the seven tests.
Although the flaws of the BPS make it unlikely that it will ever yield conclusive
evidence about the existence or the magnitude of mismatch effects, the conclusions
reached by other researchers that the BPS contains no evidence of mismatch effects are
overdrawn. The BPS contains considerable “smoke” indicating the possibility of
mismatch effects in passing the bar. Further research needs to be conducted to fully
understand the existence and nature of mismatch effects in law school. Conducting this
research will require better data that contains specific information about the quality of
law school attended, actual bar scores and information on which state bar examination
was taken. Data from large states such as Texas, Florida or California on actual bar
scores would be ideal to assure uniformity of grading on bar exams and to provide

sufficient variation in law school selectivity.
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Table 11A

Effects of Not Attending First Choice School on Outcomes for Blacks

Secondchoice Thirdchoice Lowerchoice
Graduate - ,042 .045 - .052 .057 - .045 .047
(1.19) (1.24) (.96) (1.05) (1.41) (1.46)
Lawyer Completion - .045 .043 - 142 129 - .069 .063
(.99) (.93) (2.39)* | (2.12)** (1.74)* (1.58)
Pass Bar Ever .003 .018 .014 0.092 .105 .073 .028 .040 .029
(.07) (-40) (:31) | (212 | (2.07)* | (1.37) (.78) (1.04) (.75)
Adj. Pass Bar Ever .054 .078 .070 0.162 .164 124 .083 .103 .087
(.1.27) (1.64) (1.50) (3.31)** | (2.92)** | (2.18)** | (2.29)** | (2.59)** | (2.23)**
Pass Bar First Time .100 126 117 0.231 .226 179 134 .156 .137
(2.12) | (2.44) | (2.29)** | (3.90)* | (3.43)** (2.75) (3.25)** | (3.53)** | (3.17)**
Credentials Inc. Yes Yes Yes Yes Yes Yes Yes Yes Yes
Region Dummies Yes Yes Yes Yes Yes Yes Yes Yes Yes
Other Covariates No Yes Yes No Yes Yes No Yes Yes
Tier Variables No No Yes No No Yes No No Yes
N (Graduate/Lawyer) -- 624 624 -- 542 542 -- 669 669
N (Pass Bar Variables) 493 481 481 422 413 413 527 515 515

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Covariates include a quadratic in LSAT score
and undergraduate GPA, gender, income, mother’s education, father’s education, dummy variables for disabilities, an ESL dummy and a dummy indicating receipt

of merit aid.




Table 11B

Effects of Not Attending First Choice School on Outcomes for Minorities

Secondchoice Thirdchoice Lowerchoice
Graduate -- .035 .038 -- .034 .031 -- 014 015
(1.412) (1.48) (.76) (.68) (.56) (.64)
Lawyer Completion -- .050 .051 -- .026 .023 -- .041 .039
(1.53) (1.51) (.50) (.45) (1.74)* (1.31)
Pass Bar Ever .018 .026 .023 .053 .062 .054 .027 .033 .028
(.61) (.82) (.72) (1.43) (1.52) (1.31) (1.06) (1.22) (1.05)
Adj. Pass Bar Ever .050 .070 .063 .096 103 .089 .061 .078 .069
(1.65)* (2.18)* | (L.98)** | (2.38)* | (2.37)* | (2.09)** | (2.36)** | (2.79)** | (2.49)**
Pass Bar First Time .074 .097 .088 .136 142 125 .090 .109 .098
(2.07)* | (2.58)** | (2.35)** | (2.86)** | (2.86)** (2.57) (2.91)** | (3.35)* | (3.02)**
Credentials Inc. Yes Yes Yes Yes Yes Yes Yes Yes Yes
Region Dummies Yes Yes Yes Yes Yes Yes Yes Yes Yes
Other Covariates No Yes Yes No Yes Yes No Yes Yes
Tier Variables No No Yes No No Yes No No Yes
N (Graduate/Lawyer) -- 1089 1089 -- 977 977 -- 1173 1173
N (Pass Bar Variables) 900 881 881 797 782 782 963 943 943

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Covariates include a quadratic in LSAT score
and undergraduate GPA, gender, income, mother’s education, father’s education, dummy variables for disabilities, an ESL dummy and a dummy indicating receipt

of merit aid.




Table 11C

Effects of Not Attending First Choice School on Outcomes for Whites

Secondchoice Thirdchoice Lowerchoice
Graduate - -.023 -.020 - -.045 -.045 - -.031 -.029
(1.87)* (1.70)* (2.54)** | (2.45)* (3.01)** | (2.80)*
Lawyer Completion - -.028 -.023 - -.042 -.038 - -.034 -.029
(2.03)* | (1.72)* (2.26)** | (2.02)** (2.95)** | (2.54)*
Pass Bar Ever -.007 -.006 -.003 .002 .002 .006 -.004 -.004 -.0006
(:93) (.76) (:45) (.29) (-26) (:74) (.69) (.56) (.09)
Adj. Pass Bar Ever -.012 -.010 -.006 -.0005 -.0009 .002 -.009 -.007 -.004
(1.38) (1.11) (.77) (.05) (.08) (.24) (1.21) (.99) (.55)
Pass Bar First Time -.016 -.013 -.010 -.003 -.003 -.0006 -.012 -.010 -.007
(1.45) (1.18) (-85) (.20) (-25) (:04) (1.33) (1.11) (.74)
Credentials Inc. Yes Yes Yes Yes Yes Yes Yes Yes Yes
Region Dummies Yes Yes Yes Yes Yes Yes Yes Yes Yes
Other Covariates No Yes Yes No Yes Yes No Yes Yes
Tier Variables No No Yes No No Yes No No Yes
N (Graduate/Lawyer) - 5927 5916 - 5625 5615 -- 6263 6250
N (Pass Bar Variables) 5190 5101 5094 4923 5625 4830 5473 5379 5371

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Covariates include a quadratic in LSAT score
and undergraduate GPA, gender, income, mother’s education, father’s education, dummy variables for disabilities, an ESL dummy and a dummy indicating receipt

of merit aid.
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Table 12A

IV Estimates of the Effect of Selective on Outcomes for Blacks (IV = Lowerchoice)
1) 2 (3) (4) (5)
Full Sample Subsample v v v
OLS oLS
Graduate 0.05 0.044 -.526 -.444 -
(2.50)** (1.49) (1.32) (1.24)
[6.31] [6.56]
Lawyer Completion 0.016 0.010 -. 743 -.702 --
(.62) (.27) (1.43) (1.51)
[6.31] [6.56]
Pass Bar Ever -0.038 -0.063 -.254 -.322 -.423
(.1.47) (1.74)* (.89) (.92) (.98)
[6.76] [6.40] [4.44]
Adj. Pass Bar_Ever -0.046 -0.093 -.845 -.967 -1.11
(1.78)* (2.58)** (1.82)* (2.03)* (1.79)*
[6.76] [6.40] [4.44]
Pass Bar First Time -0.053 -0.120 -1.39 -1.52 -1.71
(1.73)* (2.78)* (2.15)* (2.31)* (1.98)*
[6.76] [6.40] [4.41]
Credentials Yes Yes Yes Yes Yes
Region Yes No No No Yes
Other Covariates Yes No No Yes Yes
N 1824/1345 684/527 684/527 669/515 669/515

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Credential controls
are specified as a quadratic in LSAT score and undergraduate GPA. Other covariates include gender, income, mother’s education, father’s education,
dummy variables for disabilities and an ESL dummy variable.
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Table 12B

IV Estimates of the Effect of Selective on Outcomes for Minorities (IV = Lowerchoice

(1) (2) (3) 4) 5) (6)
OLS Full Sample OLS Subsample v v v v
Graduate .014 .017 -.047 -.086 -- -.061
(.99) (1.14) (-22) (:37) (.29)
[15.24] [12.28] [16.25]
Lawyer Completion .0005 0.001 -.284 -.365 -- -.291
(.03) (.06) (1.03) (:1.21) (1.07)
[15.34] [12.28] [16.24]
Pass Bar Ever -0.018 -0.020 -.255 -.319 -.278 -.249
(1.10) (1.20) (1.21) (1.35) (1.02) (1.22)
[16.69] [12.81] [9.36] [17.78]
Adj. Pass Bar_Ever -0.023 -0.023 -.554 - 723 -. 752 -.534
(1.32) (1.36) (2.23)** (2.42)= (2.12)** (2.23)**
[16.69] [12.81] [9.44] [17.78]
Pass_Bar_First_Time -.025 -0.024 -.789 -1.00 -1.11 -.759
(1.18) (1.16) (2.50)** (2.62) (2.39)** (2.50)**
[16.69] [12.81] [9.36] [2.64]
Credentials Yes Yes Yes Yes Yes Yes
Region No No No No Yes No
Other Covariates No No No Yes No No
Race Dummies No No No No NO Yes
N 3234/2486 3154/2426 1197/963 1173/943 943 1197/963

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Credential controls are specified as

a quadratic in LSAT score and undergraduate GPA. Other covariates include gender, income, mother’s education, father’s education, dummy variables for disabilities

and an ESL dummy variable.
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Table 13A

OLS Estimates of the Effect of ZIndex Distance on Outcomes

1) (2) ©) (4) () (6) (1) (8)
Race Included Whites Blacks Blacks Blacks Minorities Minorities Minorities Minorities
Graduate .012 .0001 -- -.00002 -.005 -- -.004 -.004
(3.43)* (.01) (.02) (.59) (.51) (.49)
Lawyer Completion .014 0.007 - 0.009 -.0008 -- .0003 .0006
(3.44)= (.60) (.70) (.08) (.03) (.06)
Pass Bar_Ever .003 -0.002 -.011 -.009 -.004 -.004 -.003 -.003
(:93) (.14) (-90) (:-74) (.43) (.40) (.31) (.28)
Adj. Pass Bar_Ever .006 -0.015 -.022 -.029 -.018 -.020 -.018 -.019
1.77)* (1.25) (1.75)* (1.64) (1.78)* (1.91)* (1.84)* (1.87)*
Pass Bar First Time -.007 -0.029 -.034 -.047 -.031 -.034 -.033 -.034
(1.79)* (2.04)** (2.36)** (2.29)** (2.64)* (2.92)** (2.78)** (2.87)**
Credentials Yes Yes Yes Yes Yes Yes Yes Yes
Region Yes No Yes Yes No Yes Yes Yes
Other Covariates Yes No No Yes No No Yes Yes
Race Dummies No No No No No No No Yes
N 21700/18637 1824/1345 1345 1766/1303 3234/2486 2486 3141/2418 3141/2418

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Credential controls are specified as a quadratic in LSAT score and
undergraduate GPA. Other covariates include gender, income, mother’s education, father’s education, dummy variables for disabilities and an ESL dummy variable.
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Table 13B

OLS Estimates of the Effect of ZLSAT Distance on Outcomes

1) (2) ©) (4) () (6) (1) (8)
Race Included Whites Blacks Blacks Blacks Minorities Minorities Minorities Minorities
Graduate .017 0.000006 -- -.00002 -.006 -- -.006 -.006
(3.83)** (.00) (.00) (.63) (.55) (.53)
Lawyer Completion .020 0.007 - .009 -.003 -- -.001 -.001
(3.85)** (.44) (..54) (.22) (.09) (.07)
Pass Bar Ever .005 -.005 -.016 -.014 -.007 -.006 -.005 -.005
(1.18) (.32) (:1.04) (-88) (.55) (.52) (.41) (.39)
Adj. Pass Bar_Ever .009 -0.022 -.030 -.030 -.024 -.026 -.026 -.026
(2.10)= (1.45) (1.96)* (1.86)* (1.94)* (2.06)** (2.08)** (2.05)**
Pass Bar First Time .011 -0.039 -.046 -.046 -.040 -.043 -.046 -.045
(2.15)* (2.23)* (2.59)** (2.55) (2.80)** (3.00)** (3.10)** (3.08)**
Credentials Yes Yes Yes Yes Yes Yes Yes Yes
Region Yes No Yes Yes No Yes Yes Yes
Other Covariates Yes No No Yes No No Yes Yes
Race Dummies No No No No No No No Yes
N 21702/18639 1824/1345 1345 1766/1303 3234/2486 2486 3141/2418 3141/2418

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Credential controls are specified as a quadratic in LSAT score and
undergraduate GPA. Other covariates include gender, income, mother’s education, father’s education, dummy variables for disabilities and an ESL dummy variable.
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Table 14A

1) (2) 3) (4) (5) (6) (7) (8)
Race Included Whites Whites Whites Whites Blacks Blacks Blacks Blacks
Distance Variable Distance I* Distance I* Distance | * Distance Distance I* Distance | * Distance I* Distance
Graduate .013 .015 -.015 -.002 .0001 -.003 -.088 -.051
(3.86)* (2.35)* (1.69)* (.23) (.01) (.26) (2.73)* (1.25)
[1.75] [1.76] [14.92] [27.08]
Lawyer Completion .016 .018 -.01 -.003 0.007 .0097 -.001 .019
(3.92)** (2.31)* (:93) (-29) (.60) (:26) (-03) (-41)
[1.75] [1.76] [14.92] [27.08]
Pass Bar_Ever .003 .004 .005 -.001 -.011 -.009 .029 .037
(1.19) (.66) (.69) (.19) (.90) (.58) (.81) (1.01)
[1.77] [1.79] [14.43] [24.88]
Adj. Pass_Bar_Ever .007 011 .013 .0002 -.022 -.018 .023 .065
(2.11)* (1.59) (1.58) (-03) (1.75)* (1.22) (.64) (1.74)
[1.77] [1.79] [14.43] [24.88]
Pass Bar First Time .009 .014 .018 -.0002 -.034 -.031 .012 .075
(2.16)** (1.71)* (1.72)* (.02) (2.36)** (1.77)* (.29) (1.76)*
[1.77] [1.80] [14.41] [24.91]
Credentials Yes Yes Yes Yes Yes Yes Yes Yes
Region Yes Yes Yes Yes Yes Yes Yes Yes
Tier (Continuous) No No Yes No No No Yes No
Tier (Dummies) No No No Yes No No No Yes
Race Dummies No No No No No No No No
N 22143/19019 | 22143/19019 | 22143/19019 | 22143/19019 | 1824/1345 1824/1345 1824/1345 1824/1345

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Credential controls are specified as a quadratic in LSAT score and

undergraduate GPA.

18




Table 14B

1) 2) 3) (4) (5) (6) (7) (8)
Race Included Minorities Minorities Minorities Minorities Minorities Minorities Minorities Minorities
Distance Variable Distance | * Distance | * Distance | * Distance Distance | * Distance | * Distance | * Distance
Graduate -.005 -.008 -.04 -.027 -.005 -.008 -.042 -.027
(.59) (.79) (1.94)* (1.03) (.58) (.79) (1.92)* (1.02)
[2.19] [2.13] [13.80] [23.58] [2.20] [2.14] [13.83] [23.78]
Lawyer Completion -.0008 -.006 -.036 -.053 -.0006 -.006 -.035 -.054
(.08) (.49) (1.38) (1.62) (.06) (.48) (1.35) (1.62)
[2.19] [2.13] [13.80] [23.58] [2.20] [2.14] [13.83] [23.78]
Pass Bar Ever -.004 -.008 -.024 -.036 -.004 -.007 -.024 -.033
(.40) (.68) (.96) (1.24) (.36) (.63) (.96) (1.13)
[2.25] [2.19] [12.93] [20.90] [2.25] [2.19] [12.93] [21.05]
Adj. Pass Bar_Ever -.019 -.024 -.044 -.033 -.019 -.023 -.043 -.029
(1.89)* (2.02)* (1.71)* (1.11) (1.84)* (1.95)* (1.69)* (.97)
[2.25] [2.19] [12.93] [20.90] [2.25] [2.19] [12.93] [21.05]
Pass Bar First Time -.033 -.039 -.066 -.037 -.033 -.039 -.066 -.033
(2.82)** (2.86)** (2.13)** (1.03) (2.78)** (2.80)** (2.10)** (.90)
[2.26] [2.19] [12.90] [20.87] [2.26] [2.20] [12.91] [21.02]
Credentials Yes Yes Yes Yes Yes Yes Yes Yes
Region Yes Yes Yes Yes Yes Yes Yes Yes
Tier (Continuous) No No Yes No No No Yes No
Tier (Dummies) No No No Yes No No No Yes
Race Dummies No No No No Yes Yes Yes Yes
N 3234/2486 3234/2486 3234/2486 3234/2486 3234/2486 3234/2486 3234/2486 3234/2486

** denotes statistical significance at a 5% level (two-tail test); * denotes statistical significance at a 10% level (two-tail test). Credential controls are specified as a quadratic in LSAT score and

undergraduate GPA.
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Table 15

Summary of Results for Minority Subgroup from Various Analyses for Key Outcomes

Adjusted Pass Bar

Graduate Pass Bar Ever Pass Bar Ever First Time
ANALYSIS
Firstchoice OLS Yes Yes Yes** Yes**
Binary Selective OLS No Yes Yes Yes
Binary Selective OLS Comparing Top
Two Tiers with Bottom Two Tiers No Yes** Yes** Yes**
Binary Selective IV Yes Yes Yes** Yes**
Multi-valued Selective OLS Yes Yes Yes Yes**
Distance OLS Yes Yes Yes* Yes**
| * Distance OLS Yes Yes Yes Yes

“Yes” denotes sign predicted by mismatch hypothesis, and “No” denotes the opposite sign. ** denotes statistical significance at a 5% level, and * denotes statistical
significance at a 10% level.
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